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GA Clustering — Population Size vs. No. of Generations
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Polynomial Fitting of Runtime vs. No. of Iterations

T T T T T T T

M
&}
£
o
3
3
®
E
2
€
&

1 r |
300 400 500
No. of iterations

14 Js

Naxll 33 ganall Aynal) daa ) 5 &l 8 Jla¥l aae AV 3L Jad g 2auil) ¢ g ol puas

a9, 33 g3l Al A j ) sad) 2855 ¢l ) S8 dae Al (A L) Baad) 1awl) G g i g [14 JSE ]

O gl o ey ety Jaxd e ) ) all O o (e Aalaa) Lo SIS 32 e300 Ald) ) () sl 1)
el 530 e sl i) Jlal) aae a1k Caliie s <l A3l sall i3 sl

(i g el eaial b iy, T(n) = an + b JS3 (e aililae 8, ad ali JS5 330 el o L
C Jiliie (S8 3l (g ) 8 Caelial Al Y] daedll ana Caelal 13) 45l 5l O(n) A seaall )

s adail) g Al (e ) @l Cus (e B3 ganall e g 33 ganall Al Ape 0 AN (0 A5 Hla cpn (SY) Jsaal)

0(g(n)) i) T(n) 348 ) ad Laj ) sa0 £ 58
Al
0(n?) an®+bn? +cn+d 1| Bagina & duaj ) Al
A ancil)
0(n*) an*+bn>+cn>+dn+e 2
0(n®) an® + bn* + cnd® + dn® + en 3
+f
0(n) an+b 1] Bagmadualeal
2 A adl)
3
15 <y

83 ganall ye g 52 ganall duiad) da )l AN G LA Cpn g2

17




‘;1\_15\ |
Al Gl )yl Al Cliplai jany

Genetic Algorithm application
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Evolutionary Robotics & skill < g s 1) 1Lsls

Gl el 8 Al A5 g5 ) Aadall S0 2SaT Ayl gkl s g5l 02 (e sl Cargll ()
leies (evolutionary computing techniques)i shill A sall s 3 ga 50 V) LiSaa
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Ll e Jelall 5 455 al
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1 Bashir, L. Z. and R. S. M. Hasan "Intelligent Robotic Behaviour Based On Bucket Brigade Algorithm."(page 96).
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